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Ciencia de Datos

A continuacion una de las muchas versiones que existen entre la relacion de los roles en la Ciencia de
Datos y como interacttan entre ellos.
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Elecciones

Conoce el trabajo de anélisis de redes que hizé la Universidad Veracruzana a través del #LARS| para el
Tercer #DebatelNE en las #Elecciones2018 #\Votolibre @INEMexico
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https://twitter.com/hashtag/LARSI?src=hashtag_click
https://twitter.com/hashtag/DebateINE?src=hashtag_click
https://twitter.com/hashtag/Elecciones2018?src=hashtag_click
https://twitter.com/hashtag/VotoLibre?src=hashtag_click
https://twitter.com/INEMexico

Elecciones

LARSI-UV (https://uv.mx/larsi/) participd en monitoreo de elecciones en Panama

Observatorio Electoral’2.0:'Elecciones

Presidenciales Panama

+ Scraping Global Threats in Facebook
Through Movement Patterns Generated by
Random Walks

* Buscar, muestrear y monitorear los mensajes
de Facebook es un area de aplicacion
importante, utilizable para varios propositos. Se
puede utilizar, por ejemplo, para intentar
detectar personas o grupos que engafian
deliberadamente a la policfa, o para detectar
vulnerabilidades de grupos sospechosos
(terrorismo).

* Fuente:
https://ieeexplore.ieee.org/document/6375376
?arnumber=6375376
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Fig. 1 Plots showing simulated random walks: (a) Lévy walk with gt = 2; (b) Brownian walk with
1t = 3: (c) Correlated Random Walk (CRW) with 0 < p < 1 and (d) Adaptive or Composite strategy

switching between Lévy and brownian motion.


https://t.co/yk6F0UMpSo?amp=1
https://ieeexplore.ieee.org/document/6375376?arnumber=6375376

LIST OF KEY WORDS USED AS SEARCHING PARAMETERS. THEY ARE
CLASSIFIED BY BREAKING NEWS OR MOOD ANALYSIS.

TABLE 1

From breaking news reports From mood analysis
anonymous happy

Afghanistan sad

Syria hello

Korea revolution

Barack Obama riots

Government -

al-Qaeda

Patrones de recoleccion de informacion

Fig. 3. Examples of movement paths generated by the social forager. On the
top left-hand side we show an Adaptive strategy compared with a simulated
animal movement path using the same walk (on the top right-hand side). On
the bottom left-hand side we show a Brownian motion in a social environment
compared with a simulated particle displacement (bottom right-hand side).
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Hasta donde sabemos, nuestro estudio es el primer ana

Patrones de recoleccion de informacion

Fig. 4. Examples of movement paths generated by the social forager. On the
top left-hand side we show a CRW with p = 1 compared with a simulated
ballistic movement with ; = 1 (on the top right-hand side). On the bottom
left-hand side we show a Lévy walk with ;¢ &~ 2 compared with a simulated
foraging trajectory with po = 2 (bottom right-hand side).

isis de patrones que compara la ruta d
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e movimiento de los

animales con un modelo conceptual de busqueda y muestreo para investigar posibles amenazas emergentes planteadas

en tiempo real.
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Ciencia

En el articulo: "Spiraling Facebook: an alternative Metropolis—Hastings random walk using a spiral proposal
distribution" presentamos un nuevo algoritmo de muestreo en redes sociales, el Alternative Metropolis—Hasting Random
Walk (AMHRW), basado en una espiral en lugar de la distribuciéon normal tradicional.
https://link.springer.com/article/10.1007/s13278-013-0126-8
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Algorithm 1: Alternative Metropolis-Hastings Random Walk.

initialization:

t < 0 initial time;

vg <+ 0 initial node;

stopping criterion < EOF;

¢ + q(.]X;) a candidate node from a given distribution;

while stopping eriterion not met do

Generate a candidate node w in terms of p from g(.|X;);

Generate U from a uniform (0,1) distribution;
. deg(v)
if U < ﬁ then

U W
else

Stay at v;
end

Set t =#+ 1:
end

Metopoas-
[Mastings aigormim|


https://link.springer.com/article/10.1007/s13278-013-0126-8
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En el articulo: "Exploring crime patterns in Mexico City" presentamos un estudio BigData utilizando
Google Trends y Twitter como predictores del delito en CDMX
https://rdcu.be/bLn40
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Ciencia

Mexico City Mexico City
January 2013 to September 2016 January 2013 to September 2016
Number of crimes Number of Crimes
) 594 - 5639 0-75
71 5639 - 10683 1 75-261
B 10683 - 15728 ™ 261-630
W 15728 - 20772 ™ 630-1426
W 20772 - 25817 W 1426 - 3480
4
Fig. 1 Number of crimes per borough in Mexico City Fig. 2 Number of crimes per segmented neighborhoods in Mexico City



https://rdcu.be/bLn40
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The degree of intensity of relationship in this case implies a
limited correlation.
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Ciencia

weekly official data series of a specific crime, and let X, =
X 1.....X;, be the number of Google Trends series for

keywords or terms i = 1,...,r. The considered
autoregressive model for week r is

@ This model is explained as follows: Let Y/,..., Y,, be the

°
P q
Yf* :X;—lﬁ +Z¢’fY[*—i+Z %thj‘}» Vi, (1)
i=1 Jj=1
@ where [ is a vector of regression coefficients, v, ~
WN(0.62); Y = (1 =B)Y,, pd.geZt, t=1.....m;
OA)=1—QA—...—QA", y(A) =1+ y A +.. .+ y AT
and ¢ (1), w(A) #0, V|A| < 1.
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Ciencia
En el articulo: "The rhythm of Mexico: an exploratory data analysis of Spotify’s top 50" presentamos una
comparacion de los gustos internacionales y nacionales en la plataforma Spotify: https://bit.ly/31zI0vd
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https://bit.ly/3lzl0vd
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(a) Top 50 Streams in Mexico
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Fig.2 Heatmap of the streaming of songs in the top 50
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Fig.5 Pairwise scatter plot matrix, histogram, and Pearson correlation coefficients of the global top
chart. It can be seen a moderate correlation between energy and loudness
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Ciencia

En el articulo: "Coordinated campaigns on Twitter during the coronavirus health crisis in Mexico * presentamos un anélisis del

astroturfing en México: https://www.tandfonline.com/doi/full/10.1080/25729861.2022.20359357src=
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https://www.tandfonline.com/doi/full/10.1080/25729861.2022.2035935?src=

a) #GatellOrgulloMexicano

Ciencia

b) #AMLOPresidenteDeLaSalud
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Ciencia

En el articulo: "Toxic Social Media: Affective Polarization After Feminist Protests “ presentamos un analisis de polarizacion en

movimientos feministas en México:
https:

journals.sagepub.com/doi/full/10.1177/20563051221098343?fbclid=IwAR34WdANmMOW|B97Ks| 5CnTjdcLpFckMEXGRRo40UV83 -

VREvu0d3-mNmlhg

Table 2. Toxicity and Sentiment: Measures of Central Tendency and Dispersion of the Hashtags.

Sentiment #TheyDoNotRepresentMe #TheyDoRepresentMe
Mean Median Variance Mean Median Variance
Very positive 0330 0.249 0.0628 0.292 0239 0.0561
Positive 0.350 0277 0.0689 0.287 0232 0.0546
Neutral 0.404 0343 0.0677 0.346 0.295 0.0579
Negative 0.407 0347 00716 0.356 0301 0.0582
Very negative 0.458 0.429 0.0738 0429 0386 0.0622
None 0277 0.190 00713 0234 0.158 0.0489
Source: Own elaboration.
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https://journals.sagepub.com/doi/full/10.1177/20563051221098343?fbclid=IwAR34WdNmOwjB97Ksl_5CnTjdcLpFckM6XGRRo4oUV83-VREvu0d3-mNmIhg
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Figure 2. Toxicity of the tweets in relation to sentiment #TheyDoRepresentMe.
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Figure 3. Dendrogram of #TheyDoNotRepresentMe own elaboration.
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| don’t remember independence or revolution being peaceful, but because they were led by men they were called heroes. Really still
don’t see it? #TheyDoRepresentMe

#TheyDoRepresentMe When tyranny is law, revolution is order. @ V

THE REVOLUTION WILL BE FEMINIST. #TheyDoRepresentMe and represent all those who no longer have a voice. If you are not
going to support, don’t get in the way!
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Figure 4. Dendogram of #TheyDoRepresentMe.

Ciencia
En el articulo: "The Impact of Social Media on Sexual Self-Concept: A Qualitative Analysis of Instagram in Mexico” El estudio analiza la

autorrepresentacion de mujeres en Instagram y sus efectos negativos ligados a estereotipos y objetivacion. Se aplica Google Vision
AP para identificar contenido sugestivo y se encuentra que més del 90% de las imagenes incluyen desnudez parcial o poses

provocativas. https://www.mdpi.com/2411-5118/6/1/9
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https://www.mdpi.com/2411-5118/6/1/9
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Ciencia
En el articulo: "In-context learning for propaganda detection on Twitter Mexico using large language model meta Al” Se aplicaron
LLMs (LLaMA 3.2) para detectar propaganda politica en Twitter durante la eleccion presidencial mexicana de 2018. El modelo

identifico que 58.4% de los tuits contenian narrativas propagandistas, con predominio de tono negativo y ataques personales.
https://www.sciencedirect.com/science/article/pii/S2772503025000465
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https://www.sciencedirect.com/science/article/pii/S2772503025000465
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Dr. Carlos Adolfo Pifia Garcia
Twitter: @Piniisima
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